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Abstract 

Over the past decades, the potential for the direct use of corpora known as data driven learning (DDL) has gained great 

prominence in English language classrooms. A substantial number of empirical studies demonstrated that DDL 

instruction positively affects students’ learning. As learning outcomes can be affected by individual differences, some 

researchers have investigated the efficiency of DDL in the light of learners’ different characteristics to determine the 

type of learners who were more responsive to DDL. The DDL literature has indicated the need for more research 

addressing for whom DDL best suits. Therefore, the aim of the current study was to examine whether or not learners’ 

predominant intelligences were significant predictors of DDL learning outcomes. The sample for this study included 30 

female EFL Yemeni students at Sana’a University. The study used three primary instruments:  a multiple intelligence 

questionnaire, a posttest and a delayed test on the vocabulary that was taught using DDL. The result of the correlation 

analyses between the participants’ three identified predominant intelligences and their performances in the posttest and 

delayed test showed an insignificant relationship between the variables. The regression analyses results also revealed 

that the predominant intelligences insignificantly predicted the participants’ posttest and delayed test performances.  

Based on these findings, learners’ needs and preferences should be activated and addressed by classroom instructions 

for creating a diverse and motivating learning environment.  

Keywords: corpora, DDL, individual differences, IQ, multiple intelligences  

1. Introduction 

Vocabulary learning is a vital process for the successful acquisition of language, which involves not only students’ 

knowledge of word definitions, but also their attention to different aspects of a word as collocation, synonym and 

pronunciation, just to name a few (Nation 2005). The integration of computer technology into language teaching is one 

of the most important developments in foreign language pedagogy (Alsied & Pathan 2013). Having reviewed the types 

of technology tools selected for teaching language skills and areas, Stockwell (2007) proclaims that teaching with 

corpora is one type among several computer technologies that has been used for vocabulary learning.  

Since the 13th century, corpus, as a collection of real written and spoken texts, has been a valuable tool for linguistics 

analysis and language description (McCarthy & O’Keeffe 2010).   Collecting authentic language texts was done 

manually leading to what is called the era of pre-electronic corpora. As a consequence of computer technology 

particularly in the late 1960s, a new era of electronic corpus appeared which consequently allowed for “the storage and 

the analysis of a larger database of natural language than could be dealt with by hand” (Biber et al. 1998:4). The period 

of the 1960s witnessed the birth of the first generation of concordancer such as the Brown Corpus of Standard American 

English. In 1980, the second generation of corpora was initiated. Examples of these corpora are the British National 

Corpus (BNC) and the Corpus of Contemporary American English (COCA) both of which are general corpora 

compiled from different kinds of written texts as well as spoken transcripts.   

While there was an interest in using corpora for linguistic research, communicative language teaching (CLT) appeared 

to be the dominant approach for foreign language teaching and learning.  As indicated by Champers (2010), some 

applied linguists observed that the use of corpus for studying language and CLT teaching practices share a common 

feature. Both emphasize the use of authentic materials collected from different sources to provide a high exposure to 

real target language. This common feature brought about a remarkable achievement by integrating computer corpus in 
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English second and foreign language (ESL/EFL) teaching. The application of corpora in language teaching and learning 

dates back to the 1990s (McEnery & Xiao 2011). When a corpus is integrated in the classroom, (a) learners become 

autonomous and they construct their learning by exploring corpus data, (b) a concordancer provides examples from 

which learners can draw their answers, (c) the organization of texts in the concordance program makes learners more 

aware of language points, and (d) the integration of corpora in the classroom is based on an approach known as data 

driven learning (DDL) (Sripicharn 2002).   

The clear distinction among learners in their achievements of second and foreign language learning has stimulated a 

tremendous interest in individual differences research over the last decades (Gan 2011). The variability in students’ 

performance found in the same learning environment can be attributed to their individual learning differences 

(Lightbown & Spada 2006). Hence, learners’ characteristics such as age, attitude, motivation, anxiety, multiple 

intelligences, learning strategies and learning styles are considered factors that play a major role in instruction.  To 

illustrate, a teaching instruction has a different impact on learners which is more likely to be due to their different 

characteristics. These characteristics, as Jonassen and Grabowski (2011: viii) state, serve as “filters or lenses” of 

instruction that can reveal students’ response to  that instruction and predict their learning outcomes which in turn 

assists in modifying the instruction and designing more effective teaching materials adjusted to the needs of learners.  

As far as DDL is concerned, Boulton and Tyne (2013) pointed to the need of exploring differences in learners’ DDL 

performances that individual learning can explain. Therefore, this study investigated the role of multiple intelligences as 

one of the individual differences that has not been examined in relation to students’ DDL learning outcomes.    

2. Literature review 

2.1The Direct Use of Corpora: DDL 

Over 20 years ago, Johns (1990) coined the term DDL to describe the use of corpora in the language classroom by 

which learners are exposed to real language texts driven by a corpus. DDL is defined as, “a method in which learners 

read large amounts of authentic language and try to discover linguistic patterns and rules by themselves” (Talai & 

Fotovatnia 2012:1526). It is used as an inductive method of learning which requires learners to analyze, make 

hypothesis and draw conclusions from corpus data. In this method, instead of being taught to, learners can interact with 

corpora either directly (corpora hard version) or be given paper-based corpus activities prepared by their teachers 

(corpora soft version). ESL/EFL language teachers or learners can search for a target word or a phrase by typing that 

word in a concordance program that then generates all instances of the examined word in natural contexts. The target 

word is presented in a keyword-in-context (KWIC) format, where each occurrence of the target word is displayed in a 

single row and the target word is highlighted and placed in the middle.  For instance, Figure 1 illustrates the KWIC 

occurrences of the word “effort” extracted from COCA. 

 

Figure1. Effort in KWIC 

 

The use of corpora can also offer a collocation search. Figure 2, shows the different adjective collocations of the target 

word with their frequencies just by first typing the word effort in the “word” box and then selecting the desired part of 

speech from the “POS list” tag, e.g. adjective.  Making a click on any of the collocations, such as the word necessary, 

displays many texts of the key word as seen in Figure 3.  

 

 

                                    

 

 

 

    

Figure 2.  Collocate Search for Effort 
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Figure 3. A Collocation Word of Effort 

 

 DDL brings distinct advantages that have not been offered by traditional methods of teaching and learning. For 

Oghigian and Chujo (2010), one of the major advantages of DDL is the authentic language generated from a corpus. It 

has been acknowledged that the use of authentic materials raises learners’ motivation, renews their interest in the 

subject and enables them to make a connection between the language in the classroom and the real world outside the 

classroom (Al Azri & Al Rashidi 2014).  As for learning vocabulary, Ghadirian (2002) highlights that multiple 

exposures to words are essential for effective vocabulary learning. It has also been indicated that learning vocabulary is 

not only restricted to learning dictionary definitions but also involves learning different vocabulary aspects including 

knowledge of collocations (Nation 2005).  The use of DDL allows for  frequent encounters of newly learned words in  

various contexts.  Unlike dictionaries that present limited exposures to collocations, learners’ vocabulary knowledge of 

collocations could be enhanced in DDL classroom by using a corpus, producing many collocates of a particular word in 

different contexts along with their frequencies (Donesch-Jezo 2013). 

2.2 Individual Differences In The DDL Classroom 

Variations in learners’ performance achieved through the same teaching method imply that there is no single method 

that can work well for all learners. Boulton (2011) asserts that no method is equally effective with   diverse learning 

needs and abilities. As learners’ characteristics have an effect on learning performance, individual differences among 

learners become important considerations that should be taken when applying teaching techniques. As far as DDL is 

concerned, some studies investigated the role of individual differences in learners’ DDL learning outcomes to explore 

the kind of learners who benefited more from the DDL method. Starting with students’ learning styles (inductive-

deductive), Lee and Liou (2003) incorporated DDL in a Taiwanese high school classroom with forty-six students. The 

posttest results revealed that the inductive group performed better than the deductive group. Chan and Liou (2005) 

designed five web-based units to improve university learners’ knowledge of different types of verb-noun collocations. 

The participants were taught three assigned units with a bilingual concordance program, but they received direct 

explanations on the target collocation patterns and completed some activities for learning the other two units. Before the 

treatment, the participants filled out a questionnaire concerning their preferences for deductive or inductive teaching 

methods. The effect of the participants’ learning styles on their posttest and delayed tests performances was not definite. 

As Chan and Liou (2005: 241) remarked, “students did not show significant preference of either one of the methods” 

and, in general the use of concordances significantly promoted their short-term and long-term achievements more than 

learning without concordances. 

Researchers (e.g., Lee and & Liou, 2003, Tian 2005, Chan and & Liou, 2005) examined whether students’ proficiency 

levels have a relationship with DDL treatment effects. The studies conducted by Lee and Liou (2003) and Chan and 

Liou (2005) involved a number of participants who were divided respectively into vocabulary level groups: high, 

intermediate and low, and into collocation knowledge groups: high and low. The differences between the pre and 

posttest results of the groups indicated that low-level students benefited more from DDL instruction than high-level 

students. However, in Tian’s (2005) study, DDL was used to enhance three different language aspects including 

grammar, word usage and text features type. The DDL group worked on paper based corpus while the control group 

was taught with the use of traditional teaching methods. Based on their responses to a general English proficiency test, 

the participants in the two groups were categorized into high and low levels. A comparison of the gain scores results 

obtained by the DDL high group level and the low group level demonstrated that DDL did not have a significant, 

different effect on either group’s proficiency level.  The last examined individual difference was attitude. In a study by 

Chan and Liou (2005), attitudes towards using DDL in students’ learning of collocation were correlated with their 

performances after their exposure to bilingual corpus activities. The results indicated that students who liked using the 

corpus tool and who found that the translation into their L1 language helped while doing corpus-based exercises 

obtained higher scores in the retention test.  
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2.3 Multiple Intelligences  

The twentieth century witnessed a development of the first intelligence test known as intelligence quotient (IQ) 

developed by Binet and Simon in 1905. The IQ test intended to measure the linguistic and mathematical abilities of 

children in Paris in order to predict their success and failure in schools. Based on their IQ scores, learners were divided 

into two groups: successful learners with strong linguistic and mathematical cognitive abilities and unsuccessful 

learners who lacked such capacities. Those who possessed linguistic and mathematical intelligence enjoyed a privilege 

of having taken extra courses focusing on critical thinking and calculation over their counterpart, unintelligent learners. 

The test provoked some criticism from psychologists as being culturally biased in favor of only the Westerners. It was 

also criticized for assessing only linguistic and mathematical skills while neglecting learners’ different skills (Rahimi at 

al. 2012).  

As the single fixed view of intelligence was subjected to criticisms, a new conceptualization of intelligence emerged. 

The new notion expanded intelligence to comprise different abilities. The leading proponent of the view of multiple 

intelligences was Howard Gardner. Gardner (1983) introduced the theory of multiple intelligences. According to this 

theory, intelligence is “the capacity to respond successfully to new situations – to tackle a task demanded by life” 

(Gardner 1983:8). The term “multiple” puts a great emphasis on the existence of different cognitive abilities and the 

word “intelligences” underlines the equal importance of these potentials as the linguistic and the mathematical abilities 

determined by the IQ test. The pluralistic view of intelligences covers a combination of eight intelligences existing with 

different levels of development within each individual. These eight domains are presented in the following:   

 Verbal-linguistic intelligence (word smart): It is the most common intelligence that involves an effective use of 

the written and spoken forms of a language (Baş & Beyhan 2010). Learners with highly developed verbal-

linguistic intelligence always think in words. They enjoy activities such as storytelling, reading, word games, 

discussion, writing and speaking.   

 Logical-mathematical intelligence (numbers smart): It is the ability to use inductive reasoning and to solve 

problems in logical and systematic ways (Dung & Tuan 2011).  Logical mathematical learners enjoy activities 

such as crossword puzzles, ordering and matching.   

 Spatial-visual intelligence (picture smart): It is the capacity to create mental or physical images for spoken, 

reading, or written language and the ability to manipulate them (Gardner 1983). Learners with this intelligence 

learn best through drawing, watching movies, matching and describing pictures.     

 Bodily-kinesthetic intelligence (body smart): It is the ability to use one’s body to solve problems (Baş & 

Beyhan 2010). Learners with strong bodily-kinesthetic intelligence enjoy physical activities such as role-

playing and hands-on activities. 

 Interpersonal intelligence (people smart): Gardner (1983) defined this type of intelligence as the ability to 

understand others’ feelings, needs and thoughts and work with them effectively. Interpersonal intelligence 

activities include teamwork exercises and group discussion.   

 Intrapersonal intelligence (self-smart): It involves self-knowledge and self-awareness (Dung & Tuan 2011). 

Intrapersonal intelligence learners are self-dependent who like to work alone. Thus, they enjoy activities such 

as reflective learning activities and individual projects. 

 Musical intelligence (music smart): It is one’s ability to perceive and recognize tones and rhythms. It also 

involves sensitivity to musical environments (Moran et al. 2006). Musical intelligence learners can be involved 

in tasks that require them to play an instrument, sing and write lyrics. 

 Naturalistic Intelligence (nature smart): It is defined as the ability to “distinguish and categorize objects or 

phenomena in nature” (Moran et al. 2006:25). In the language classroom, categorizing vocabulary according to 

theme and field trips are some activities that cater to naturalistic learners.  

Human intelligences are flexible constructs that can be developed through training, practice and environmental 

supports. McKenzie (2002) classified the above eight intelligences into three domains: logical, musical and naturalistic 

intelligences are categorized as an analytic domain, while linguistic, interpersonal and kinesthetic intelligences are 

characterized as an interactive domain and intrapersonal and visual intelligences are considered as an introspective 

domain. The analytical domain intelligences require learners to be engaged in analyzing the learning process, whereas 

the interactive domain intelligences emphasize learning through interaction, and learning by the introspective domain 

intelligences is achieved through the individual’s reflection on his/her experience and belief.  

As mentioned earlier, this study intends to explore whether Yemeni EFL students’ multiple intelligences, as one of the 

individual differences left unexamined, relates and contributes to their DDL performance. It must be indicated that this 

study is a continuation of two previous studies by Almahbashi, et al. (2015a, 2015b). The first study revealed the degree 

to which EFL Yemeni students possessed the eight intelligences. Based on the intelligence profile results, three 

predominant intelligences were used in designing DDL activities. The DDL activities were essential for the second 

empirical study that investigated the effect of DDL on developing Yemeni EFL students’ definitional and collocation 

receptive knowledge.  
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3. Methodology 

3.1Context of the Study 

The context of the current study was the same context reported by Almahbashi, et al. (2015a) and (2015b) as this paper 

is part of those studies. This research was conducted at Sana’a University, in the English Department of Education 

Faculty during the first semester 2014-2015.  

3.2 The Sample of the Study 

The participants of the study were the 30 female Yemeni EFL learners who participated in Al-mhabshi, et al. (2015a) 

and was also the DDL group in Al-mahbahsi, et al. (2015b).    

3.3 Research Instruments and Procedure 

3.3.1 Multiple Intelligences questionnaire 

To achieve the purpose of this study, the instruments used in Almahbashi, et al. (2015a, 2015b) were necessary. 

Almahbashi, et al. (2015a) adapted McKenzie’s (1999) MI inventory that is based on Gardner’s (1983) multiple 

intelligences. The inventory consists of 80 statements that cover the eight intelligences. The questionnaire was 

administered to the participants in their reading course class.  They had to indicate (1) for the statements that described 

themselves. The result revealed that mathematical-logical, visual-spatial and interpersonal intelligences were the highly 

developed intellectual abilities among the DDL group participants.     

3.3.2 Posttest- delayed posttest 

In Almahbashi, et al. (2015b), paper-based corpus materials were designed on the basis of the three predominant 

intelligences. The DDL group was engaged in activities that covered 30 academic words with two of their most frequent 

collocations. Four weeks after the intervention, the participants were tested on their knowledge of the taught words 

using a posttest. The participants’ knowledge of word meanings was first examined adapting Paripakhat’s and Wesche’s 

(1993) vocabulary knowledge scale (VKS).   The participants had to choose either, “I do not know the meaning of this 

word” or, “I know the meaning. It means….”.  Those who knew the meaning of a target word had to choose its correct 

collocation  from alternatives. The delayed test had the same structure of the posttest and it was administered a month 

after the posttest distribution. The findings showed the mean scores of the participants’ posttest (M=17.16) as well as 

delayed test (M= 19.18) performance. 

4. Data Analysis 

After obtaining the results from the MI questionnaire and the two sets of tests,  the Pearson correlation coefficients were 

used to assess the connection between the dependent variables of the posttest and delayed test scores of the DDL 

participants with their three high developed intelligences as independent variables. The Pearson correlation analysis 

included the coefficient of determination (r) to measure the direction of the relationship between the variables and the 

value of significance (p) for assessing the significance of the relationship that is determined to be significant when 

P<.05. In addition, regression analyses were employed to determine the intelligence that served as the best predictor of 

the participants’ DDL learning outcomes and to estimate its significant effects. 

5. Result and Discussion 

5.1 The Effect of the Dominant Intelligences on DDL Posttest Outcomes 

The Pearson correlation coefficients were calculated to determine the association between the participants’ posttest 

scores and their more developed intelligences.  The first correlation was conducted to see if a significant relationship 

existed between the DDL group’s mathematical-logical intelligence and their posttest performance. Table 1 shows the 

Pearson correlation coefficients computed between the two variables. 

 

      Table1. Correlation between mathematical-logical intelligence and posttest scores 

  Posttest scores 

Mathematical-logical 

intelligence 

Pearson Correlation .313  

Sig. (2-tailed) .092  

 N 30 

                               * Correlation is significant at the 0.05 level (2-tailed). 

 

As seen in Table 1, there was a positive relationship between mathematical-logical intelligence and the posttest 

performance. Meaning, as the learners’ mathematical intelligence increases so does their performance. However, the p 

value of .092 (p>0.05) suggests that this relationship was not significant. Thus, the participants’ performance in the 

posttest is not significantly correlated with their mathematical-logical intelligence.  

The correlation result between the second dominant intelligence, visual-spatial intelligence, and the participants’ 

posttest test scores is displayed in Table 2. 
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                         Table 2. Correlation between visual-spatial intelligence and posttest scores 

  Posttest scores 

Visual-spatial 

intelligence 

Pearson Correlation 366 

Sig. (2-tailed) .070 

N 30 

           * Correlation is significant at the 0.05 level (2-tailed). 

 

Table 2 revealed that there was insignificant positive correlation between the participants’ scores and visual-spatial 

intelligence (r=366, p>0.05). The last correlation was determined between the posttest scores and interpersonal 

intelligence. As shown in Table 3 below, there was a negative association between the participants’ interpersonal 

intelligence and their posttest scores. The direction of the coefficient’s value r = -.145 suggests that the higher the 

students’ level of interpersonal intelligence, the lower their performance would be. Nevertheless, the correlation 

analysis yielded no significant correlation between the two variables (P>0.05).   

 

          Table 3. Correlation between interpersonal intelligence and posttest scores 

 Posttest scores 

Interpersonal 

intelligence 

Pearson Correlation -.154- 

Sig. (2-tailed) .417 

N 30 

          * Correlation is significant at the 0.05 level (2-tailed). 

 

Besides using Pearson correlation analysis, multiple regressions were employed in an attempt to determine which of the 

three intelligences as independent variables, were predictive of the participants’ performances after their exposure to the 

DDL method. A summary of stepwise multiple regressions results are presented in Table 4. 

 

          Table 4. Summary of  multiple regressions between the dominant intelligences and the posttest performance 

Variables  Beta T P 

 Mathematical-logical intelligence .257 1.45 .157 

Visual-spatial intelligence .317 1.80 .083 

Interpersonal intelligence -.155 -.894 .379 

 

The output of the regressions analyses above showed that visual-spatial intelligence has the highest effect; for one 

standard deviation increase in the participants’ visual-spatial intelligence, there will be .317 of standard deviation 

increase in their performance. However, this effect did not reach a significant level (p>.05). Similarly, mathematical-

logical and interpersonal intelligences did not have an important effect as the significant value of each was (p>0.05). 

Accordingly, the three independent variables were not predictors of students’ performance.  

5.2 The Effect of the Dominant Intelligences on DDL Delayed Test Outcomes 

Correlation analysis was also conducted to see if there was a relationship between the  participants’ delayed test scores 

and the three identified high-level intelligences. The details of the correlation analysis between the test scores and 

mathematical-logical intelligence are displayed in Table 5. 

 

                 Table 5. Correlation between mathematical-logical intelligence and delayed test scores 

  delayed test score 

Mathematical 

intelligence 

Pearson Correlation .160 

Sig. (2-tailed) .398 

N 30 

       * Correlation is significant at the 0.05 level (2-tailed). 

The data presented in Table 5 revealed a non-significant relationship between mathematical-logical intelligence and 

students’ delayed performance (r=.160, p>0.05).  Similarly, as shown in Table 6, visual intelligence did not 

significantly correlate with the delayed test scores (r= .212, p>0.05). 

 

Table 6. Correlation between visual-spatial intelligence and delayed test scores 

   delayed test score  

Visual-spatial 

intelligence 

Pearson Correlation .212 

Sig. (2-tailed) .261 

N 30 

        * Correlation is significant at the 0.05 level (2-tailed). 
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The relationship between interpersonal intelligence and the participants’ delayed scores was comparable to the 

relationship between the two other previously examined intelligences and the delayed test scores. The correlation 

analysis result shown in Table 7 below indicates that there was an inverse but insignificant relationship between 

interpersonal intelligence and the delayed test performance (r=-.010, p>0.05). 

 

                                 Table 7. Correlation between interpersonal intelligence and delayed scores 

   delayed test score 

Interpersonal 

intelligence 

Pearson Correlation -.010 

Sig. (2-tailed) .958 

N 30 

                                  * Correlation is significant at the 0.05 level (2-tailed). 

 

Multiple regressions were also used to determine the predictive power, if any, of the three dominant intelligences on the 

participants’ delayed test achievements. Table 8 shows the β value for mathematical-logical, visual and interpersonal 

intelligences as 125, 189, -.010 respectively with a p value >0.05, indicating that these independent variables did not 

have a significant contribution to  the  participants’ performance.    

 

  Table 8. Summary of multiple regressions between the dominant   intelligences and delayed test performance 

Variables  Beta T P 

 Mathematical-logical intelligence 125  .647  .523  

Visual-spatial intelligence  189   .975  .338  

Interpersonal intelligence  -.010   -.055  .957  

 

The correlation and regression results revealed that none of the predominant intelligences was connected with and 

predicted students’ achievements in the posttest and delayed test. Based on the correlations results, mathematical-

logical intelligence had a positive relationships with the participants’ posttest and delayed test scores (r=.313, .160). 

These positive connections could be attributed to the fact that DDL techniques are closely matched to mathematical-

logical intelligence. In other words, DDL is an inductive method that encourages discovery and problem-solving 

learning and logical students have the ability to work on problem solving activities and use inductive reasoning (Dung 

& Tuan 2011). In addition, the relationship between visual-spatial intelligence and the tests results also proved to be 

positive(r=.336, .212). This can be explained by the nature of visual spatial learners who enjoy discovery learning 

(Greenfild 2009), besides being able to think in pictures. For interpersonal intelligence, it was negatively linked with the 

tests scores (r= -.154, -.010).  Though DDL classroom promotes interaction among learners (Çelik & Elkatmiş 2013) 

and it accommodates interpersonal intelligences students’ needs, one of the negative sides of cooperative learning is the 

little attention learners pay to the learning environment. In this study, some learners did not focus on the DDL activities. 

They were observed to be speaking in Arabic and talking about personal matters rather than focusing on the content of 

the activities. In addition, during pairs and group works, the researcher went around the class to check the work 

progress of the students and to encourage all to work on the allotted tasks. However, as observing all the pairs or groups 

at once is impossible, it is more likely that some students who are probably lazy or weak kept quiet depending  on their 

group members or partners to do the work.   

Nevertheless, the correlation analyses also showed that the associations between the three predominant intelligences and 

the DDL group’s performance on the posttest and the delayed test were statistically insignificant (p>0.05). That was 

supported by the regression results which showed that the three intelligences were not significant predictors of the 

participants’ tests scores. These findings are consistent with the results of previous studies conducted by Biria et al. 

(2014) and Farahani and Kalkohran (2014) which demonstrated an insignificant relationship between the three 

intelligences and EFL students’ vocabulary learning.  However, the results of the current study are inconsistent with 

Zarie’s and Asfhar’s (2014) results which found a significant positive relationship between visual-spatial intelligence 

and vocabulary learning and also revealed that this intelligence accounted for 20% of variance in vocabulary 

knowledge.   

The insignificant effect of mathematical-logical, visual-spatial and interpersonal intelligences on the DDL learning 

outcomes could be attributed to the less activation of these intelligences in the participants’ university context. The 

result from the MI questionnaire as presented in Almahbashi et al. (2015a) showed that these intelligences were the high 

developed ones. The English text books at Yemeni schools could have an essential effect on developing mathematical-

logical intelligence and visual intelligence as the schools books included many activities accommodated the two 

intelligences. Regarding interpersonal intelligence, authoritative parents’ style could help in enhancing interpersonal 

skills of children and adult which might be used with the participants of the study (Almahbashi et al. 2015a). However, 

when joining university, Yemeni EFL learners’ potential and needs are not addressed. They are only receivers of 
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information who merely listen to lectures and then use rote memorization to demonstrate what they learned (Muthanna 

& Karaman 2010). In this study, though the DDL activities were designed based on the participants’ three predominant 

intelligences, the time the DDL participants spent on these activities which was only a month were not enough to 

activate these intelligences. 

For intelligences to have an effect on learning outcomes, Tajeddin and Chiniforoushan (2011) emphasized the need for 

activating intelligences by increasing students’ engagement in learning activities relevant to their MI strengths. To put it 

differently, the insignificant contributions of learners’ intelligences on their performance necessitates a significant 

change in teaching practices that should take into consideration learners’ needs. The best way to do so is to integrate 

multiple intelligences into EFL classroom. Christison (1996) cited in Saeidi (2009) suggested some steps for multiple 

intelligences to be implemented including: (1) categorizing classroom activities according to learners’  multiple 

intelligences profile, (2) selecting some appropriate activities and (3) making a checklist to know the activities that were 

performed during a weak and to integrate tasks for the intelligences that were neglected.  

5. Conclusion 

This study was conducted to investigate the impact of multiple intelligences on the DDL learning outcomes. The   

results obtained from the correlation analyses revealed that the identified predominant intelligences: mathematical-

logical, visual-spatial and interpersonal intelligences were not significantly correlated with DDL vocabulary learning. 

This was confirmed by the multiple regression analyses which showed that the DDL vocabulary learning outcomes 

were not significantly predicted by these three intelligences. Such results might be due to the neglect of students’ 

diverse needs while learning. Even though the three leading intelligences did not significantly contribute to the overall 

performance of the DDL group, the role of multiple intelligences in the EFL classroom particularly in designing DDL 

materials should not be neglected. A considerable amount of interest has been paid to the role of multiple intelligences 

in the EFL teaching and learning process (Biria et al. 2014, Oskooei &Salahshoor 2014).  The benefits derived from 

incorporating the multiple intelligence theory in the EFL pedagogy are not only associated with academic success. 

When identifying the multiple intelligence profiles of learners, teachers are provided with many ideas for designing 

learning activities tailored to meet learners’ needs and potentials. Engaging in such activities promotes the active role of 

learners who use their unique abilities to demonstrate their learning. By doing so, an encouraging and motivating 

learning atmosphere is created (Masoomeh & Mahdieh 2014). As far as the DDL method is concerned, the application 

of multiple intelligences theory directs teachers’ attention to the importance of designing DDL activities to 

accommodate learners’ diversities in learning. Designing learner-centered DDL classroom activities guided by learners’ 

multiple intelligences profile could generate a more engaging learning environment that supports active learning and 

promotes high motivation.  

The research had some limitations that are worthy of attention for future studies.  The participants of the study were 

homogenous comprised of 60 female EFL Yemeni students. For the study findings to be generalized, a more diverse 

sample is needed. Moreover, this study was the first research attempts to assess the effects of multiple intelligences on 

DDL learning outcomes. Accordingly, the results of the study should be replicated by longitudinal future research that 

aims at increasing the activation of the three intelligences to provide more definitive evidence on the predictive effect of 

these intelligences on the learning gains achieved by DDL.  As culture and background education have an effect on a 

person’s intelligence profile, investigating the effect of the other intelligences different from the intelligences identified 

in this study on DDL could be usefully explored in further research. 
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